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1
PATIENT SIGNAL ANALYSIS AND
CHARACTERIZATION

CROSS-REFERENCE TO RELATED
APPLICATION

This application claims the benefit of U.S. provisional
application No. 61/778,868 filed Mar. 13, 2013, the entire
contents of which are incorporated herein by reference.

TECHNICAL FIELD

The present disclosure generally relates to systems and
methods for analyzing and characterizing patient signals.

BACKGROUND

Cardiac arrhythmia is a condition in which the electrical
activity of the heart is irregular or is faster or slower than
normal. Cardiac arrhythmia may be classified by rate and/or
mechanism. For instance, atrial fibrillation (AF) is the most
common type of serious arrhythmia that involves a very fast
and irregular contraction of the atria. Ventricular fibrillation
(VF) is a condition in which there is uncoordinated contrac-
tion of the cardiac muscle of the ventricles in the heart. Myo-
cardial ischemia (MI) is a type of arthythmia that occurs when
blood flow to the heart muscle is decreased by a partial or
complete blockage of the heart’s arteries. Myocardial infarc-
tion (commonly known as a heart attack) occurs when blood
stops flowing properly to part of the heart and the heart
muscle is injured due to not receiving enough oxygen. This
can lead to irreversible scarring and necrosis of the muscle
tissue, reducing the efficiency with which the heart can pump
blood to the rest of the body and possibly leading to fatal
cardiac arrhythmia.

Cardiac functional abnormality and arrhythmia usually
slow down tissue performance (e.g., contracting and reperfu-
sion) and reduce blood flow to regions of the heart. Cells
respond by altering the action potentials. The changes in these
individual cells manifest in electrograms during depolariza-
tion and repolarization, reducing signal energy (hyperkale-
mia or anoxia) or creating multi-phasic waveform, particu-
larly distortions in the electrophysiological response
morphology. Electrophysiological (EP) response and activity
analysis is routinely used to manage such cardiac arrhyth-
mias, disorders and irregularities. The 12-lead electrocardio-
gram (ECG) and multi-channel intra-cardiac electrograms
(ICEG) are generally regarded as the diagnostic reference
standard for evaluating cardiac rhythm and events.

Currently, waveform morphologies and time-domain
parameter analysis, such as P wave, QRS complex, ST seg-
ment, T wave, are used for cardiac arrhythmia monitoring and
identification. However, such analysis is sometimes subjec-
tive and time-consuming, and requires extensive medical
expertise and clinical experience for accurate interpretation
and proper cardiac rhythm management. Inaccurate and sub-
jective evaluation and diagnosis may cause unexpected
delays in cardiac rhythm management, such as drug delivery
and emergency treatment.

Most traditional clinical methods and approaches are per-
formed for qualitative testing and diagnosis of cardiac pathol-
ogy (e.g., 0.1 mV of ST segment elevation for myocardial
ischemia event detection). There is currently no known effi-
cient, convenient, reliable and sensitive method to perform
both quantitative and qualitative characterization and evalu-
ation of cardiac signal waveform and morphology, especially
for early detection and diagnosis of cardiac events. In addi-
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tion, known clinical approaches may not be efficiently appli-
cable and useful in some cases. For example, myocardial
ischemia and infarction are usually detected by ST segment
voltage deviation (e.g., 0.1 mV deviation). However, this
method only works for surface ECG signals, but not intra-
cardiac electrograms (ICEG) signals.

Accordingly, there exists a need to provide an improved
framework to address these deficiencies and related prob-
lems.

SUMMARY

The present disclosure relates to a framework for facilitat-
ing patient signal analysis. In accordance with one aspect, at
least one region of interest within a cycle of a waveform of
patient signal data is identified. The identified region of inter-
est may be segmented into portions using amplitude percent-
age categories. A sequential morphological data series may
be generated by compiling time intervals of the segmented
portions. One or more sequential signal parameters may be
calculated based on the sequential morphological data series.
A report may then be generated based at least in part on the
one or more sequential signal parameters.

This summary is provided to introduce a selection of con-
cepts in a simplified form that are further described below in
the following detailed description. It is not intended to iden-
tify features or essential features of the claimed subject mat-
ter, nor is it intended that it be used to limit the scope of the
claimed subject matter. Furthermore, the claimed subject
matter is not limited to implementations that solve any or all
disadvantages noted in any part of this disclosure.

BRIEF DESCRIPTION OF THE DRAWINGS

A more complete appreciation of the present disclosure
and many of the attendant aspects thereof will be readily
obtained as the same becomes better understood by reference
to the following detailed description when considered in con-
nection with the accompanying drawings. Furthermore, it
should be noted that the same numbers are used throughout
the drawings to reference like elements and features.

FIG. 1 shows an exemplary system;

FIG. 2 is a schematic diagram illustrating an exemplary
sequential morphology segmentation of cardiac ECG signal
waveform;

FIG. 3 shows an exemplary method of analyzing patient
signals;

FIG. 4a illustrates an exemplary atrial fibrillation (AF)
diagnostic method based on fixed P wave reference segmen-
tation;

FIG. 4b illustrates an exemplary myocardial ischemia (MI)
diagnostic method based on R wave average segmentation;

FIG. 5 shows an exemplary ANN structure for integrating
multiple types of patient data; and

FIG. 6 shows a table that illustrates the results of a com-
puter simulation.

DETAILED DESCRIPTION

In the following description, numerous specific details are
set forth such as examples of specific components, devices,
methods, etc., in order to provide a thorough understanding of
embodiments of the present invention. It will be apparent,
however, to one skilled in the art that these specific details
need notbe employed to practice embodiments of the present
invention. In other instances, well-known materials or meth-
ods have not been described in detail in order to avoid unnec-
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essarily obscuring embodiments of the present invention.
While the invention is susceptible to various modifications
and alternative forms, specific embodiments thereof are
shown by way of example in the drawings and will herein be
described in detail. It should be understood, however, that
there is no intent to limit the invention to the particular forms
disclosed, but on the contrary, the invention is to cover all
modifications, equivalents, and alternatives falling within the
spirit and scope of the invention.

It is to be understood that the system and methods
described herein may be implemented in various forms of
hardware, software, firmware, special purpose processors, or
a combination thereof. Preferably, the present invention is
implemented in software as an application (e.g., n-tier appli-
cation) comprising program instructions that are tangibly
embodied on one or more program storage devices (e.g.,
magnetic floppy disk, RAM, CD ROM, ROM, etc.), and
executable by any device or machine comprising suitable
architecture. If written in a programming language conform-
ing to a recognized standard, sequences of instructions
designed to implement the methods can be compiled for
execution on a variety of hardware platforms and for interface
to a variety of operating systems. In addition, embodiments of
the present framework are not described with reference to any
particular programming language. It will be appreciated that
a variety of programming languages may be used to imple-
ment embodiments of the present invention.

It is to be further understood that since the constituent
system modules and method steps depicted in the accompa-
nying Figures are preferably implemented in software, the
actual connections between the system components (or the
flow of the process steps) may differ depending upon the
manner in which the present invention is programmed Given
the teachings herein, one of ordinary skill in the related art
will be able to contemplate these and similar implementations
or configurations of the present invention.

The present framework provides a methodology to analyze
patient signals based on quantized signal waveform and inter-
val analysis. Examples of patient signals include cardiac elec-
trophysiological signals, such as surface ECG and intra-car-
diac electrograms (ICEG) signals. In accordance with some
implementations, quantized cardiac signal waveform, inter-
val measurements and sequential cardiac morphology param-
eters (e.g.. unilateral and bilateral sequential ratios) are
derived to advantageously facilitate a set of quantitative and
qualitative techniques for early and more precise detection
and characterization of cardiac pathologies and events, par-
ticularly for critical care monitoring and implant cardiac
devices.

Furthermore, by using statistical calculation and computa-
tion, such as sequential morphology variability, variation,
etc., cardiac electrophysiological activities and functions can
advantageously be qualitatively and quantitatively estimated,
characterized and derived with better sensitivities and stabil-
ity, especially in noisy conditions. The present framework
may be used to efficiently, accurately and reliably identify
cardiac disorders, differentiate cardiac arrhythmias, charac-
terize pathological severities, predict life-threatening events,
and even evaluate drug delivery effects and/or provide treat-
ment suggestions and/or evaluations. These and other fea-
tures and advantages will be described in more detail herein.

For purposes of illustration, the present framework is
described herein in the context of electrocardiography signal
analysis for heart function characterization, detection and/or
diagnosis. However, it should be appreciated that the present
framework is also useful for analyzing other types of electro-
physiological signals originating from other parts of the body,
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including but not limited to, the brain, muscles, eyes, auditory
system and so forth. In addition, the present framework may
also be used for analysis of other types of patient signals,
including capnograph waveforms, saturation of peripheral
oxygen (SPO2) signals, blood pressure signals, etc.

FIG. 1 shows an exemplary system 100 for implementing a
method and system of the present disclosure. It is to be under-
stood that, because some of the constituent system compo-
nents and method steps depicted in the accompanying figures
can be implemented in software, the actual connections
between the systems components (or the process steps) may
differ depending upon the manner in which the present frame-
work is programmed. For example, the system 100 may be
implemented in a client-server, peer-to-peer (P2P) or master/
slave configuration. In such configurations, the system 100
may be communicatively coupled to other systems or com-
ponents via a network, such as an Intranet, a local area net-
work (LAN), a wide area network (WAN), a P2P network, a
global computer network (e.g., Internet), a wireless commu-
nications network, or any combination thereof. Given the
teachings of the present invention provided herein, one of
ordinary skill in the related art will be able to contemplate
these and similar implementations or configurations of the
present invention.

As shown in FIG. 1, the system 100 includes a computer
system 101 and a patient monitor 130. The computer system
101 may include, inter alia, a central processing unit (CPU)
102, a non-transitory computer-readable media 105, one or
more output devices 111 (e.g., printer, display monitor, pro-
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40

45

60

65

106 and one or more input devices 108, for example, a key-
board, mouse, touch screen, gesture and/or voice recognition
module, etc. Computer system 101 may further include sup-
port circuits such as a cache, a power supply, clock circuits
and a communications bus. Various other peripheral devices,
such as additional data storage devices and printing devices,
may also be connected to the computer system 101.

The present technology may be implemented in various
forms of hardware, software, firmware, special purpose pro-
cessors, or a combination thereof, either as part of the micro-
instruction code or as part of an application program or soft-
ware product, or a combination thereof, which is executed via
the operating system. In one implementation, the techniques
described herein may be implemented as computer-readable
program code tangibly embodied in non-transitory computer-
readable media 105. Non-transitory computer-readable
media 105 may include random access memory (RAM), read
only memory (ROM), magnetic floppy disk, flash memory,
and other types of memories, or a combination thereof. The
present techniques may be implemented by patient signal
analysis unit 122 that is stored in computer-readable media
105. As such, the computer system 101 is a general-purpose
computer system that becomes a specific purpose computer
system when executing the computer-readable program code.

The same or different computer-readable media 105 may
be used for storing a database 124. Database 124 may include
a repository of determined parameters and ratios, selectable
predetermined functions, patient signal data, (e.g., electro-
physiological, SPO2, respiration signal data, etc.), patient
data (e.g., demographic data, pathology history, etc.), other
input data and/or other derived output parameters. Patient
signal data may be provided by a patient monitor 130 that is
communicatively coupled to the computer system 101.

Patient monitor 130 may be used to acquire various types
of patient biometric or physiological signal information for
monitoring the patient. For example, the monitoring informa-
tion may include, but is not limited to, electrophysiological
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signal data (e.g., ECG, ICEG, etc.), SPO2 signal data, respi-
ration signal data, blood pressure, temperature and/or other
patient biometric, physiological or medical parameter infor-
mation. The patient monitor 130 may include appropriate
biometric sensors (e.g., leads for surface ECG and catheter
for intra-cardiac electrograms) for acquiring the monitoring
patient signals. Implementations of the present framework
provide sequential data modeling-based parameters to detect,
diagnose and quantify such patient signals.

FIG. 2 is a schematic diagram illustrating an exemplary
sequential morphology segmentation of cardiac ECG signal
waveform 200. Typically, a complete heart cycle of the ECG
signal waveform 200 includes a P wave, Q wave, R wave, S
wave, T wave, QRS complex, etc. Upon the emergence of a
cardiac disease, the corresponding portion of the cardiac
response signal portion will show some changes and distor-
tions in morphology or shape, such as size, amplitude, timing,
latency of corresponding signal peak, etc. However, usually
in the early stage of the disease, these small changes are not
easily detected and characterized by human vision. In addi-
tion, in most early stages of cardiac malfunctions, only part of
the cardiac tissue is in irregular electrophysiological excita-
tion. The overall shape or morphology of the waveform may
change due to cardiac atrial or ventricular depolarization and
repolarization.

Traditional clinical approaches focus mainly on the ampli-
tude (e.g., max, average or min) and waveform peak position
or latency to detect cardiac events. However, such approaches
cannot detect early waveform morphology changes and dis-
tortions effectively and efficiently. In accordance with some
implementations of the present framework, the ECG signal
waveform 200 is segmented (or categorized) to derive a
sequential morphological data series (or sequential time
interval data). For instance, as shown in FIG. 2, the QRS
complex segment 202 may further be segmented into differ-
ent portions based on the percentage of the R wave maximum
amplitude, such as +10%, +20%, -5%, —10%, etc. The cor-
responding R wave signal morphology at each amplitude
percentagelevel (or the time intervals for such wave morphol-
ogy) may be denoted by R.,,. For example, in FIG. 2, the
sequential morphological data series R go,, Ragoss R3ges, €1C.
is the R waveform morphology segmented section time inter-
vals. Some portions of the amplitude may be below the zero
voltage line (or baseline value) 204, which means that the
sequential data series s R_;go,, R_5g04 R_3004, €tc. This con-
cept may be extended to other segments (e.g., P wave) of the
ECG signal waveform 200 of a heart cycle. Different tech-
niques may be used to perform the sequential amplitude seg-
mentation, as will be discussed in more details later.

FIG. 3 shows an exemplary method 300 of analyzing
patient signals based on sequential signal morphology seg-
mentation. The steps of the method 300 may be performed in
the order shown or a different order. Additional, different, or
fewer steps may be provided. Further, the method 300 may be
implemented with the system 100 of FIG. 1, a different sys-
tem, or a combination thereof.

At 302, patient monitor 130 acquires patient signal data
from a current patient. The patient signal data may be
acquired over multiple successive cycles. Such patient signal
data may include digitized data of electrophysiological sig-
nals, such as ECG or ICEG cardiac signals that indicate
electrical activity of a patient’s heart over multiple heart
cycles. Other types of patient signals, such as hemodynamic
(HEMO), oximetric (or SPO2), respiration (or capno-
graphic), other vital sign signals and/or other measurable
patient biometric, physiological or medical signals, may also
be acquired. In addition, other patient information, such as
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demographic data, clinical application and patient status,
including, but not limited to, weight, height, gender, age,
allergies, medications, etc., may also be acquired.

At 304, patient monitor 130 pre-processes the patient sig-
nal data. Patient monitor 130 may pre-process the patient
signals by filtering, amplification, digitization and/or bufter-
ing. For example, the patient signals may be pre-filtered and
amplified for display on, for instance, patient monitor 130.
The patient signals may be filtered to remove patient move-
ment and respiratory artifacts, as well as power line noise. The
filter may be adaptively selected in response to data indicating
clinical application (e.g. ischemia detection application,
rhythm analysis application). In some implementations,
patient monitor 130 amplifies, buffers, filters and/or digitizes
the patient signals to produce a continuous stream of digitized
samples. The digitized patient signal samples or data are
provided to patient signal analysis unit 122 for processing.

At 306, patient signal analysis unit 122 segments the wave-
form of the patient signal data into at least one region of
interest (ROI) within a cycle. Such segmentation may be
performed continuously and in real-time. In some implemen-
tations, an ROI is a graphical deflection commonly observed
on a typical electrophysiological signal waveform. One or
more types of ROIs may be identified. Examples of ROI types
include, but are not limited to, the QRS complex segment, the
P wave, the R wave, the Q wave, the T wave, and so forth. To
segment the waveform, a peak and/or valley detector may be
provided in the patient signal analysis unit 122 for detecting
the start and end points of an ROIL.

At 307, patient signal analysis unit 122 determines the
baseline value and reference signal from the digitized patient
signals. The baseline value (or level) generally refers to a
known threshold value with which an unknown is compared
when measured or assessed. The baseline value may com-
prise a zero voltage line if a static (DC) voltage signal com-
ponent is filtered out from the signal. The baseline value may
be automatically, semi-automatically or manually selected by
the user. It may be selected and adaptively adjusted according
to the current application and clinical requirements. The ref-
erence signal is a benign signal received from a healthy
patient. In some implementations, the reference signal is seg-
mented to identify a reference region of interest. The type of
reference ROI corresponds to the type of ROIs identified in
step 306 (e.g., P wave, R wave, QRS complex, etc.). Multiple
ROIs corresponding to multiple cycles may be identified
within a shifting window.

At 308, patient signal analysis unit 122 determines wave-
form parameters of the identified ROIs in the patient signal
and the reference signal. Such waveform parameters may
include, for example, the maximum amplitude, time dura-
tions, etc. For instance, in the case of a QRS complex-type of
ROI, the maximum amplitude of the R wave may be measured
from the baseline value. A timing detector may be provided in
the patient signal analysis unit 122 for determining time dura-
tions of the ROIs. The timing detector may use a clock counter
for counting a clock between start and end points, and the
counting may be initiated and terminated in response to the
detected start and end point characteristics.

At 309, patient signal analysis unit 122 segments the iden-
tified ROIs using amplitude percentage categories. Ampli-
tude percentage categories may be derived from the reference
ROI(s) identified from the reference signal in step 307. A
sequential morphological data series may then be generated
based on such segmented portions.

FIG. 4a illustrates an exemplary atrial fibrillation (AF)
diagnostic method based on fixed P wave reference segmen-
tation, while FIG. 44 illustrates a myocardial ischemia (MI)
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diagnostic method based on R wave average segmentation.
By using different calibration and segmentation methods, the
corresponding sequential morphology data series (411 and
416) of the segmented time intervals may be derived, which
may further be used for signal variation calculation and char-
acterizing the severity, type and timing of cardiac arrhythmia.
The different techniques illustrated by FIGS. 4a-b may be
selected based on, for example, the clinical application needs
and noise level. For instance, in a noisy environment, the
multi-heart-cycle averaging method illustrated by FIG. 45
may be more useful. In addition, although the P and the R
waves are illustrated in the following description, other seg-
ments or regions of interest (e.g., T wave, Q wave, S wave,
etc.) may also be used.

Turning to FIG. 4a, a reference signal 402 may be seg-
mented to identify the reference ROI, which is the P wave 404
in this example. The maximum amplitude (Max P) of the P
wave from the baseline value 406 may be determined from a
single cycle of the reference signal 402. Max P may be used
to define various categories for segmenting the current ECG
signal waveform 408. In some implementations, categories of
amplitude 409 based on a percentage of Max P (e.g., Ps,,
Plooes Pagoss - - - » Ploge,) are defined. Although a 10-level
segmentation is illustrated, it should be appreciated that the
number of levels may be adjusted according to the needs of
the clinical application, such as sensitivity and reliability
requirements.

The ECG signal 408 from the current patient may be seg-
mented based on these amplitude categories 409 into por-
tions. The time intervals 410 of these portions (or amplitude
percentage time intervals) are then compiled as a sequential
morphological data series 411. For example, P,,,, (1) denotes
the time interval of the portion segmented by Py, in the first
cycle of the current ECG signal 408, P, ,,.,(n) denotes the
time interval of the portion segmented by P, ., in the nth
cycle of the current ECG signal 408, and so forth. The letter n
denotes the size of the data series 411, which may be adap-
tively and automatically adjusted by the user and/or system
during real-time calculation and diagnosis by controlling the
calculation window size.

FIG. 4b illustrates another exemplary segmentation
method using an average maximum amplitude of multiple
reference ROIs over a plurality of heart cycles (e.g., 2-10
heart cycles). As shown, a reference signal 402 may be seg-
mented to identify reference R waves 412 over multiple heart
cycles within a shifting window 413. The average maximum
amplitude (Average R) ofthe R waves 412 may be determined
from a heart cycle of the reference signal 402. Average R may
be used to define various categories for segmenting the cur-
rent ECG signal waveform 408. In some implementations,
categories (or levels) of amplitude 413 (e.g., Ry, Rjgoss
Rogoss - - - Rigge,) based on a percentage of Average R are
defined. Although 10-level segmentation is illustrated, it
should be appreciated that the number of levels may be
adjusted according to the needs of the clinical application,
such as sensitivity and reliability requirements.

The ECG signal 408 from the current patient may be seg-
mented based on these amplitude categories 413 into por-
tions. The time intervals 414 of these portions (or amplitude
percentage time intervals) are then compiled as a sequential
morphological data series 416. For example, R, (1) denotes
the time interval of the portion segmented by R, in the first
cycle of the current ECG signal 408, R ., (m) denotes the
time interval of the portion segmented by R, 40, in the mth
cycle of the current ECG signal 408, and so forth. The letter m
denotes the size of the data series 416, which may be adap-
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tively and automatically adjusted by the user and/or system
during real-time calculation and diagnosis by controlling the
calculation window size.

Turning back to FIG. 3, at 310, patient signal analysis unit
122 determines sequential signal parameters based on the
sequential morphological data series. Examples of sequential
signal parameters include, but are not limited to, sequential
unilateral ratio (SUR), sequential cross unilateral ratio
(SCUR), sequential bilateral ratio (SBR), sequential cross
bilateral ratio (SCBR) and multi-ratio combination integrated
index (or combined sequential ratio). These sequential signal
parameters characterize the mode and pattern changes and
distortions within the patient signal waveforms for use in, for
example, diagnosing biomedical conditions.

In some implementations, a sequential unilateral ratio
(SUR) is determined. SUR may be used to compare the dif-
ferent amplitude percentage time intervals within the same
ROI of the same heart cycle of the current patient signal. More
particularly, the SUR may be computed as follows:

1

X,0%(N)
SURx_ap(N) = X:q Tl

wherein SUR,. , , (N) denotes the sequential unilateral ratio
of the ROI X for the current heart cycle N of the current
patient signal (in this way, each heart cycle may be evaluated
continuously and substantially in real-time as the patient sig-
nal is acquired); X ., refers to the corresponding time interval
of the portion of ROI X segmented by a % amplitude percent-
age category (e.g., R ), while X ., refers to the correspond-
ing time interval of the portion of ROI X segmented by a
different b % amplitude percentage category (e.g., Ryg0,)- By
continuously monitoring the SUR,.,_, (N) in substantially
real-time, the minute morphological changes and distortions
of the patient signal may be qualitatively and quantitatively
detected and characterized. The ROI X may be the P wave, R
wave, T wave, Q wave, S wave, or any other segment of the
same patient signal cycle.

In some implementations, a sequential cross unilateral
ratio (SCUR) is determined. SCUR describes the relative
changes between different ROIs of the same heart cycle ofthe
current patient signal, such as the time interval ratio between
the sequential data of the R wave and the P wave. In some
implementations, the SCUR shows the relative signal mor-
phology changes between two ROIs in the same heart cycle.
In some implementations, the SCUR is computed as follows:

Xo%(N)
Yo (N)

SCUR = @
xy-o(N) =

wherein SCUR ., (IV) denotes the sequential cross unilat-
eral ratio of the ROIs X and Y for the current heart cycle N of
the current patient signal (in this way, each heart cycle may be
evaluated continuously and substantially in real-time to
detect differences between different ROIs of the same cardiac
cycle); X, denotes the corresponding time interval of the
portion of ROI X segmented by a % amplitude percentage
category (e.2., R;q0,), WhileY ,, refers to the corresponding
time interval of the portion of a different ROI'Y segmented by
the same a % amplitude percentage category (e.g., P; g0, ). In
other words, this exemplary SCUR represents the cross ratio
between different ROIs (X and Y) at the same amplitude level
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of signal segmentation. The ROIs X and Y may be the P wave,
R wave, T wave, Q wave, S wave, or any other segment of the
same patient signal cycle.

The SCUR may also be computed between different ROIs
(X and Y) of the same heart cycle using time intervals of
different amplitude percentage categories. In some imple-
mentations, the SCUR is computed as follows:

Kaw(N)
Yoo (N)

3

SCURyy_a-»(N) =

wherein SCURy,., , (N) is the sequential cross unilateral
ratio of different ROIs X and Y for the current heart cycle N at
different percentage segmentations a % and b % (in this way,
each heart cycle may be evaluated continuously in substan-
tially real time to detect differences between the different
ROIs of the same cardiac cycle); X ., denotes the correspond-
ing time interval of the portion of ROI X segmented by a %
amplitude percentage category (e.g., R, 4, ), while Y ., refers
to the corresponding time interval of the portion of a different
ROI'Y segmented by a different b % amplitude percentage
category (e.g., P5go, ). In other words, this exemplary SCUR
represents the cross ratio between different ROIs (X and Y) at
different amplitude levels of signal segmentation.

In some implementations, a sequential bilateral ratio
(SBR) is determined. The SBR characterizes morphology
changes and distortions between different heart cycles. By
comparing the same type of ROI from different heart cycles,
for example, signal portion morphology changes may be
detected earlier and more sensitively. The SBR may be com-
puted as follows:

Xo%(N) @
SBRy_ 4 »(N)=
X-a u( ) Xb%(M)
or
KXo (M) )
Ty —
SBRx_g-(N) = Xoa V)

wherein SBR,. ., (N) is the sequential bilateral ratio of the
same type of ROI X for the current heart cycle N; X o, (N) and
X 0 (M) denote the corresponding time intervals of the por-
tions of ROT X segmented by a % amplitude percentage
category (e.g., R q0,) within heart cycles N and M respec-
tively, while X ., (M) and X, (IV) denote the corresponding
time intervals of the portions of ROI X segmented by b %
amplitude percentage category (e.g., R,g,) within heart
cycles M and N respectively. By using the sequential bilateral
ratio SBR_, (N), such as 10% segmented signal time inter-
val of the R wave of the current heart cycle (N) and the 20%
segmented signal time interval of the R wave from the previ-
ous heart cycle (M), the pathology (e.g., myocardial ischemia
event) may be detected earlier and more reliably. The values
of a % and b % may be selected based on, for example, the
ROI signal noise ratio and the needs of the clinical applica-
tion.

In some implementations, a sequential cross bilateral ratio
(SCBR) is determined. The SCBR is useful for comparing
two different ROIs within two different heart cycles at differ-
ent amplitude levels of signal segmentation. The SCBR may
be computed as follows:
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X0 (N 6
SCBRyy -(N)= ng—((M; ©
or
XM 7
SCBRxy—a-»(N) = Xbm((N)) @

wherein SCBR ., , (N) is the sequential cross bilateral ratio
derived from the ratio between the time interval of ROI X of
heart cycle N and time interval of ROI'Y of heart cycle M;
X 40, N)and X ., (M) denote the corresponding time intervals
of the portions of ROI X segmented by a % amplitude per-
centage category (e.g., R, ,) within heart cycles N and M
respectively, while Y,,, (M) and Y., (N) denote the corre-
sponding time intervals of the portions of ROI'Y segmented
by b % amplitude percentage category (e.g., R,q0,) Within
heart cycles M and N respectively. Such sequential cross
bilateral ratio SCBRy, , , (N) captures and detects the differ-
ent ROIs across different heart cycles. The heart cycles (M
and N) that are used for comparison may be selected adap-
tively and automatically by the system or the user.

In summary, the sequential signal ratios, as previously
described, may be calculated and derived from the same ROI
in the same heart cycle of the patient signal, from different
ROIs in the same heart cycle, from different ROIs either in the
same heart cycle or different heart cycles. Accordingly, there
may be many different percentage segmented data for differ-
ent ROIs, different percentage data series and different kinds
of sequential signal ratios.

In some implementations, a multi-ratio combination inte-
grated index is provided to integrate different sequential sig-
nal ratios. This may be performed to achieve real time con-
tinuous monitoring and characterization of patient signal
waveform and morphology. A multi-ratio combination inte-
grated index may be determined as follows:

Combined_sequential ratio(N) = Z A; - sequential_ratio(N); ®)

e

wherein Combined_sequential_ratio (N) is the combination
integrated index for current heart cycle N that combines dif-
ferent sequential signal ratios defined in equations (1) to (7)
with coefficients A, corresponding to each sequential signal
ratio (sequential_ratio); and €2 denotes the data series set for
all the sequential signal ratios that may be used for calculating
the combination ratio.

The coefficient A, for the sequential ratio combination
index may be time varying. Accordingly, equation (8) may be
rewritten as follows:

Combined_sequential ratio(N) = Z A;(N)-sequential_ratid V), ®

el

In addition, the combination index may further be
expanded into the following equation:

Combined_sequential ratio(N) = Z A;(N)-sequential_ratidNV); (10)

e

= > &lN)-SURx-op(N); +
ie=P1
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-continued

> BiN)-SCURxy-o(N); +
ie®2

> (V) SBRx o 5(N); +
ied3

> 6(N) - SCBRxy o 5(N;
ied4

wherein a,, f,, w; and 8, are coefficients for corresponding
sequential signal ratios (these coefficients may be static or
adaptively updated by the system or user). ®1, ®2, ®3 and
@4 are the data set of the different sequential signal ratios
calculations of corresponding ratios. For example, all may
include SURg_1904-2006: SURg.10%-300: SURR-1004-4006 - - - »
SUR £.5006.100- Hence, with the combination index, any sig-
nal morphological changes, at any signal portion and signal
timing, may be sensitively and reliably captured and charac-
terized quantitatively. It may not be necessary to use all kinds
of sequential signal ratios to compute the combination index.
One, two or more of the ratios may be selected based on the
clinical application to achieve optimal results.

At 312, patient signal analysis unit 122 performs statistical
analysis on the determined sequential signal parameters. The
statistical analysis may be performed by computing statistical
parameters based on the determined sequential signal param-
eters to reliably quantify and compare the signal changes with
apre-determined threshold (e.g., relative changes). Examples
of such statistical parameters include the mean value, stan-
dard deviation, variation and variability of the sequential ratio
data series. Other types of statistical analysis, such as t-test
hypothesis, may also be performed.

The sequential ratio variation and the sequential ratio vari-
ability may be defined to calculate the changing level of ratio
calculation index series, which may then be used to, for
example, characterize the severity, type and prediction of
cardiac pathologies and events. In some implementations, the
sequential ratio variation and variahility are calculated as
follows:

W_mean(Ratio_series)

Sequential_Ratio Variation= — o O
Fuenlia a0 Vataton= S TD(Ratio_serics)

Sequential_Ratio Variability=
W_max(Ratio_series— W_mean(Ratio_series))

W_mean(Ratio_series)

wherein W_mean and W_STD denote the mean value and
standard deviation of the calculated ratio series in a user or
system defined shifting window (e.g., 2-10 heart cycles; win-
dow size may be larger based on clinical application require-
ments and environment noise); W max is the maximum value
of the ratio series within the shifting window.

At 314, patient signal analysis unit 122 generates patient
health status and treatment suggestions based at least in part
on the determined sequential signal parameters. In some
implementations, different types of sequential signal param-
eters, associated statistical parameters and/or other input
patient data are linearly or non-linearly combined to generate
the patient health status, treatment suggestions, coefficients
(e.g., o, B, 0, 0,, etc.) for calculating the sequential signal
parameters, and/or other types of output. Different methods,
such as an artificial neural network (ANN), fuzzy algorithm,
etc., may be used to integrate the input patient data.
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FIG. 5 shows an exemplary ANN structure 502 for inte-
grating multiple types of patient data for providing decision
support in diagnosis and treatment of cardiac pathologies and
arrhythmia and analysis of tissue function. In some imple-
mentations, sequential signal parameters derived from differ-
ent kinds of clinical situations (e.g., rest, exercise, under
medication, etc.) may also be retrieved from a patient data-
base and used to train the ANN structure 502 to obtain sub-
stantially real-time, adaptively adjusted coefficients (e.g.. at,,
B;, w,, 6,, ete.) for different patient signal data for use in the
sequential signal parameter calculations.

Exemplary ANN structure 502 includes three layers—in-
put layer 504, hidden layer 506 and output layer 508—for
combining and integrating different kinds of determined
sequential signal parameters and/or associated statistical
parameters 520, other patient signal data (e.g., HEMO, blood
pressure, SPO2 and other vital sign signal data) 522 and
patient status, demographic data, clinical application and
other information (e.g., weight, height, medication, allergies,
etc.) 524. ANN structure 502 combines and maps patient data
520, 522 and 524 to output parameters 530. Output param-
eters 530 may indicate, for example, estimated patient health
status, estimated abnormality or pathology (e.g., arrhythmia)
timing, type, severity and/or trend, abnormality and event
priority, suggestions for methods of treatment (e.g., atrial
fibrillation ablation priority, stimulation site decision, etc.),
prediction of cardiac pathological trends, suggestions for fur-
ther treatment indication and medication, and so forth. Such
output parameters 530 may be used for the detection, diag-
nosis, warning and/or treatment of abnormalities. They may
be used in different clinical applications, such as in operating
room (OR) monitoring, ICU/CCU critical monitoring and
emergency room (ER) patient status and health monitoring.

A,; are weights applied between the input layer 504 and
hidden layer 506, while B, are weights applied between
hidden layer 506 and output layer 508 of the ANN computa-
tion. A,; weights and B, weights are adaptively adjusted and
tuned using a training data set. ANN unit 502 may incorporate
a self-learning function that processes new input data 520,
522 and 524 to increase the precision and accuracy of calcu-
lated results. The exemplary ANN-based analysis may com-
bine sequential signal parameters with information derived
from a medical professional’s experience (input and sug-
gested controlling mode) to greatly improve the sensitivity,
specificity, stability and reliability of non-invasive methods.

Turning back to FI1G. 3, at 316, patient signal analysis unit
122 determines whether the patient has an abnormality. The
abnormality may be, for example, a cardiac medical condi-
tion such as cardiac arrhythmia, cardiac tissue and electro-
physiological-hemodynamic malfunctions, etc. The abnor-
mality may be identified based on, for instance, threshold
values.

If an abnormality is not identified, at 318, patient signal
analysis unit 122 may optionally adaptively adjust calcula-
tion parameters used for calculating the afore-mentioned
parameters. The adaptive adjustment may be performed auto-
matically, semi-automatically or manually by the clinical
user. Such calculation parameters include, but are not limited
to, number of samples in a calculation window, coefficients,
weights, time steps, thresholds, and so forth. In the case of
ventricular arrhythmia analysis, a severity threshold, calcu-
lation time step and monitored tissue location may be selected
in response to user command or automatic system adaptive
adjustment.

If an abnormality is identified, the process 300 may pro-
ceed to step 322. At 322, patient signal analysis unit 122
outputs a patient report. The patient report may indicate the
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abnormality, associated characteristics (e.g., type, severity,
timing, etc.) and other information (e.g., suggested treatment
options). The patient report may be in the form of, for
example, an alert message presented at patient monitor 130.
The patient report may be stored in database 124 for future
retrieval.

Some implementations of the present framework described
herein may be used for detecting, calculating and/or estimat-
ing any type of cardiac pathology and arrhythmia in any
clinical cases and events. A computer simulation was per-
formed to compare the performance of some implementa-
tions of the present framework with a conventional technique
used for myocardial ischemia detection and characterization.

FIG. 6 shows a table 600 that illustrates the results of the
computer simulation. Results computed by a traditional clini-
cal standard method based on ST segment elevation (602) and
R wave sequential time interval series method based on
sequential unilateral ratio (604) and bilateral ratio (606) with
reference to a baseline normal heartbeat were compared.
Three episodes of cardiac events were simulated: normal
benign signal cycle (which is also used as the reference sig-
nal) (608); heart cycle of early stage of myocardial ischemia
(610); and heart cycle during myocardial ischemia (612).

Using the traditional standard ST segment analysis (602),
ischemia events can only be qualitatively detected: in the
three episodes (608, 610, 612), the ST segment elevations are
0mV,<0.02 mV and 0.1 mV respectively. Hence, ST segment
diagnosis cannot really detect myocardial ischemia in the
early stage (610). Using the sequential unilateral and bilateral
ratios computed according to the techniques described
herein, however, the myocardial ischemia event may be both
qualitatively and quantitatively detected and characterized.

More particularly, by using the sequential unilateral ratio
SURz 5006000 (N), which compares the time intervals for
50% and 90% amplitude segmented R wave portions, the
ratios for the three episodes are 3.00, 8.00 and co. These ratios
describes the occurrence of myocardial ischemia very well,
since they show distinct variations in the three episodes, with
more than 200% change in value for the early stage (610).
Similarly, by wusing the sequential bilateral ratio
SBRy 5004-500 (IN), Which compares the 50% amplitude seg-
mented R waveform time intervals between the current heart
cycle and normal cardiac heart cycle in the baseline, the ratios
for the three episodes are 1.00, 1.50 and 2.15. These ratios
also show distinct variations in the three episodes, with 50%
change in value for the early stage (610). Accordingly, these
simulation results show that the sequential signal parameters
derived in accordance with the present framework provide a
more sensitive and efficient real time data diagnosis for car-
diac abnormalities. By selecting the ROI for computing the
sequential signal parameters, specificity in the cardiac
arrhythmia detection may also be efficiently achieved. In
addition, the ischemia event trend, severity, timing and/or
other characteristics may also be easily generated.

While the present invention has been described in detail
with reference to exemplary embodiments, those skilled in
the art will appreciate that various modifications and substi-
tutions can be made thereto without departing from the spirit
and scope of the invention as set forth in the appended claims.
For example, elements and/or features of different exemplary
embodiments may be combined with each other and/or sub-
stituted for each other within the scope of this disclosure and
appended claims.

The invention claimed is:
1. A method of patient signal analysis, comprising:
receiving patient signal data;

identifying at least one region of interest within a cycle of

a waveform of the patient signal data;
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segmenting the identified region of interest into portions

using amplitude percentage categories;

generating a sequential morphological data series by com-

piling time intervals of the segmented portions;
calculating one or more sequential signal parameters based
on the sequential morphological data series; and
generating a report based at least in part on the one or more
sequential signal parameters.

2. The method of claim 1 wherein receiving patient signal
data comprises receiving electrophysiological signal data that
indicate electrical activity of a patient’s heart over multiple
heart cycles.

3. The method of claim 1 wherein the region of interest
comprises a QRS complex segment, an ST segment, a P wave,
a R wave, a T wave, a Q wave, an S wave, or a combination
thereof.

4. The method of claim 1 further comprising deriving the
amplitude percentage categories from at least one corre-
sponding reference region of interest of a reference signal.

5. The method of claim 4 wherein deriving the amplitude
percentage categories comprises:

determining a maximum amplitude of the reference region

of interest; and

defining the amplitude percentage categories based on per-

centages of the maximum amplitude.

6. The method of claim 4 wherein deriving the amplitude
percentage categories comprises:

determining an average maximum amplitude of multiple

reference regions of interest of the reference signal; and
defining the amplitude percentage categories based on per-
centages of the average maximum amplitude.

7. The method of claim 1 wherein calculating the one or
more sequential signal parameters comprises calculating a
sequential unilateral ratio.

8. The method of claim 1 wherein calculating the one or
more sequential signal parameters comprises calculating a
sequential cross unilateral ratio.

9. The method of claim 1 wherein calculating the one or
more sequential signal parameters comprises calculating a
sequential bilateral ratio.

10. The method of claim 1 wherein calculating the one or
more sequential signal parameters comprises calculating a
sequential cross bilateral ratio.

11. The method of claim 1 wherein calculating the one or
more sequential signal parameters comprises calculating a
multi-ratio combination integrated index based on at least two
of sequential unilateral ratio, sequential cross unilateral ratio,
sequential bilateral ratio and sequential cross bilateral ratio.

12. The method of claim 1 further comprising performing
statistical analysis on a series of the one or more sequential
signal parameters.

13. The method of claim 12 wherein performing statistical
analysis comprises generating a mean value, astandard devia-
tion, a variation, a variability, or a combination thereof of the
series of the one or more sequential signal parameters.

14. The method of claim 1 further comprising generating a
health status or treatment suggestion based at least in part on
the one or more sequential signal parameters.

15. The method of claim 14 wherein generating the health
status or treatment suggestion comprises combining, via an
artificial neural network, different types of sequential signal
parameters to generate the health status or treatment sugges-
tion.

16. The method of claim 14 wherein generating the health
status or treatment suggestion comprises combining, via an
artificial neural network, the one or more sequential signal
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parameters with other input patient data to generate the health
status or treatment suggestion.

17. The method of claim 1 further comprising adaptively
adjusting coefficients for use in calculating the one or more
sequential signal parameters.

18. The method of claim 1 wherein generating the report
based at least in part on the one or more sequential signal
parameters comprises generating the report indicating char-
acteristics of cardiac arrhythmia.

19. A non-transitory computer readable medium embody-
ing a program of instructions executable by machine to pet-
form steps for heart function analysis, the steps comprising:

receiving patient signal data;

identifying at least one region of interest within a cycle of

a waveform of the patient signal data;

segmenting the identified region of interest into portions

using amplitude percentage categories;

generating a sequential morphological data series by com-

piling time intervals of the segmented portions;
calculating one or more sequential signal parameters based
on the sequential morphological data series; and
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characterizing cardiac arrhythmia based at least in part on
the one or more sequential signal parameters.
20. A system for patient signal analysis, comprising:
anon-transitory memory device for storing computer read-
able program code; and
aprocessor in communication with the memory device, the
processor being operative with the computer readable
program code to perform steps comprising:
receiving patient signal data;
identifying at least one region of interest within a cycle
of a waveform of the patient signal data;
segmenting the identified region of interest into portions
using amplitude percentage categories;
generating a sequential morphological data series by
compiling time intervals of the segmented portions;
calculating one or more sequential signal parameters
based on the sequential morphological data series;
and
generating a report based at least in part on the one or
more sequential signal parameters.

* ok %k
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